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Figure 2: Illustration of the two-staged pre-training for BLIP-Diffusion. Left: in the multimodal representation
learning stage, we follow prior work [12] and pretrain BLIP-2 encoder to obtain text-aligned image representation.
Right: in the subject representation learning stage, we synthesize input images by composing subjects with
random background. The BLIP-2 is then tasked to produce subject prompt embedding, which is later used by the
latent diffusion model to generate output subject image. The image encoder remains frozen during pre-training.
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Figure 1: Leveraging the pre-trained subject representation, BLIP-Diffusion enables subject-driven generation
under efficient fine-tuning or zero-shot setups. The model can also serve as a foundation subject-driven text-
to-image generation model and supports applications such as controlled generation and image editing, when
combined with techniques such as ControlNet [1] and prompt-to-prompt [2].
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